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Understanding I nternet Usage

A Social-Cognitive Approach to Uses and Gratifications
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Severa studies have applied uses and gratifications to explain Internet usage. Like Bandura's
social-cognitivetheory, the uses and gratifications framework explains mediausein terms of expected
positive outcomes, or gratifications. However, previous uses and gratifications research accounted for
littlevariancein Internet behavior, although therewere conflicting results. Thisresearch identifiesnew
variables from social-cognitive theory that might further explain Internet usage and resolve inconsis-
tencies in prior research. Measures of self-efficacy and self-disparagement were developed for the
domain of Internet behavior. Internet addiction wasinterpreted as adeficient self-regulation withinthe
social-cognitive framework. Finally, the negative outcomes of online behavior were analyzed for their
impact on Internet usage. In a survey of 171 college students, the social-cognitive model explained
60% of the available variance in Internet usage using multiple regression analysis, a significant
improvement over prior uses and gratifications research.

Keywords: Internet use, Internet behavior, social-cognitive theory, self-efficacy,
self-disparagement, gratifications, multiple regression models

An understanding of Internet usage assumes considerable importance as society
encounters problematic forms of online behavior. These include both instances of
excessive useg, in the form of so-called Internet addictions (Chou & Hsiao, 2000; Young,
1999), and underutilization by disadvantaged groups, known as the Digital Divide
(Hindman, 2000; Hoffman & Novak, 1998; National Telecommunicationsand Information
Administration, 2000). The new medium brings with it the opportunity to re-examine con-
ventional models of media behavior.

THE USESAND GRATIFICATIONS PARADIGM

Usesand gratificationsis perhaps the dominant paradigm for explaining mediaexposure
in the field of communication studies. It has been applied to a wide range of conventional
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mass media (Palmgreen, Wenner, & Rosengren, 1985) aswell asto interpersonal communi-
cation (Rubin, Perse, & Barbato, 1988) and now tothenternet (Charney & Greenberg, 2001,
Dimmick, Kline, & Stafford, 2000; Eighmey & McCord, 1998; Ferguson & Perse, 2000;
Flanagin & Metzger, 2001; Kaye, 1998; Korgaonkar & Wolin, 1999; Lin, 1999; Papachariss &
Rubin, 2000; Parker & Plank, 2000; Perse & Greenberg-Dunn, 1998). Uses and gratifica-
tions researchers typically start with descriptions of common media uses, obtain ratings of
the frequency or importance of those uses, and factor analyze the resultsto obtain gratifica-
tion factors that are then correlated with media use. However, uses and gratifications typi-
cally only account for between 1% and 15% of the variance in use of conventional media
(Palmgreen et a., 1985). With two notable exceptions (Charney & Greenberg, 2001; Lin,
1999), uses and gratifications have disappointed when applied to the Internet as well. The
purposeof thisarticleisto critically examineusesand gratificationstheory asit appliestothe
Internet and to propose a more comprehensive theory of Internet usage based on social-
cognitive theory (Bandura, 1986, 1997).

Uses and gratifications theory assumes that audiences actively seek out media in a
goal-directed way that provides them with the means of gratifying a wide variety of needs
(Katz, Blumler, Gurevitch, 1974; Palmgreenet al., 1985). Inrecent years, thetheory hasbeen
reformulated to stress comparisons between the gratifications sought from a medium with
gratifications obtained (GO). The underlying processis now conceived asan iterative onein
which initial expectationsabout the outcomes of mediaexposure (the gratifications sought)
arecontinually modified through observation of the gratificationsactually obtained fromthe
media, feeding back into the gratifications sought through future media exposure
(Palmgreen et al., 1985). Gratifications sought do not in themselves predict media behavior
very well; they have far greater explanatory power when compared with the gratifications
obtained (Palmgreen, Wenner, & Rayburn, 1981).

USES AND GRATIFICATIONS OF THE INTERNET

With its emphasis on active media use and its ability to span both mass and interpersonal
communication, uses and gratifications was initially regarded as a natural paradigm for
understanding the Internet (Morris& Ogan, 1996). However, studies of the usesand gratifi-
cations of the Internet have tended to repeat the pattern of weak predictions of mediabehav-
ior common to this body of research.

Several studies have applied conventional mass media gratifications to computer media.
Kaye (1998) found low correl ations between weekly Web usage and entertainment (r = .30),
social interaction (r = .23), and escape (r = .17) gratifications. Perse and Greenberg-Dunn
(1998) compared respondents who chose computers as the source of each of nine typical
mass mediagratificationswith those who did not in an analysis of variance. Perceptionsthat
computerswereahabit or were good for keeping busy were significantly related to computer
use, with an etasguared of .04 in each case. Ferguson and Perse (2000) obtained asignificant
regression result that explained 9% of the variation in Web usage, mostly from ameasure of
“expertise” (based on prior experience with computers and the Web). None of the four grati-
fications factors tested was a significant predictor, although significant but low zero-order
correlations (ranging between .20 and .27) with usage were observed. For Parker and Plank
(2000), arelaxation and escape factor predicted Internet usage with a standardized beta of
.302, indicating that approximately 9% of the variance was explained (no overall R-squared
wasreported). Lin (1999) found three classic mass mediamotivations (surveillance; escape,
companionship, and identity; and entertainment) predicted 47% of the variance in a
multi-item measure of the likelihood to adopt online services.
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Other researchers have explored potentially unique gratifications of the Internet.
Korgaonkar and Wolin (1999) found that factors of escapism, information control, interac-
tive control (relating to the ability to control the presentation of information), socialization,
and economic motivation differentiated light (less than an hour per day) and heavy Web
users. Thediscriminant analysisdid not yield variance explained; however, theimprovement
over chance for these five factors (the respondents’ levels of education and household
incomes were al so part of the prediction equation) was modest (45%) although statistically
significant (p < .05). Charney and Greenberg (2001) established eight gratification factors
for the Internet (keep informed, diversion and entertainment, peer identity, good fedlings,
communication, sightsand sounds, career, and “ coolness”), and two of these (keep informed
and communication) explained 36% of the variance in weekly time spent on the net.
Papacharissi and Rubin (2000) added a measure of interpersonal communication motivesto
conventional mass media gratifications and found the former to be the only significant pre-
dictor in aregression analysisthat accounted for 7% of the overall variancein Internet expo-
sure. Eighmey and McCord (1998) identified personal involvement, entertainment, and per-
sonal relevance gratification factors. Finally, Flanagin and Metzger (2001) explored a
variety of needs gratifications not found in the conventional mass communication literature,
including persuading others, problem solving, relationship maintenance, status seeking and
achieving personal insight. However, neither of the latter two studies related the gratifica
tionsto Internet usage.

Thus, the challenge remains to provide a more comprehensive explanation of media
behavior than isforthcoming from the majority of usesand gratificationsresearch. But also,
wemust examinewhy two studies of Internet usesand gratifications (Charney & Greenberg,
2001; Lin, 1999) were more successful than others, indeed to adegree unprecedented in the
annals of uses and gratifications research.

A SOCIAL-COGNITIVE THEORY OF INTERNET USAGE

The gratifications sought—gratifi cations obtai ned formul ation is seemingly indistingui sh-
able from an important mechanism in social-cognitive theory, enactive learning. Enactive
learning describes how humans learn from experience. In the social-cognitive view, interac-
tions with the environment (the media environment, in this case) influence media exposure
by continually reforming expectations about the likely outcomes of future media consump-
tion behavior (after Bandura, 1986). Seemingly, this represents the same process that
describes the relationship among gratifications sought, media behavior, and gratifications
obtained (Palmgreen et al., 1985). Recognizing this parallel, we next examine social-
cognitive theory as a source of further insight into Internet usage.

Social-cognitive theory explains behavior in terms of reciprocal causation among indi-
viduals, their environments, and their behaviors (Bandura, 1986, 1989, 1999). The triadic
causal mechanism is mediated by symbolizing capabilities that transform sensory experi-
encesinto cognitive models that guide actions. The human capacity for vicarious learning
allowsindividualsto acquire rulesfor conduct without physically enacting the behavior but
rather, by observing others. Direct experience with enacting behavior also affects these per-
ceptionsand that iscalled enactivelearning. Individual susetheir capacity for forethought to
plan actions, set goals, and anticipate potential behavioral consequences. Through evalua-
tionsof personal experiencesand self-assessments of their thought processes, they employ a
self-reflective capability that hel ps them better understand themselves, their environments,
and variations in situational demands.

Downloaded from http://ssc.sagepub.com at University of Tehran on November 19, 2008


http://ssc.sagepub.com

398 SOCIAL SCIENCE COMPUTER REVIEW

Outcome expectations, defined as judgments of the likely consequences of a behavior
(Bandura, 1997), provide incentives for enacting behavior while expectations of aversive
outcomes provide disincentives (Bandura, 1986). Food, drink, and physical contact are pri-
mary incentives that motivate human behavior from infancy, but adults respond to symbolic
incentives as well. These include monetary incentives, social incentives (such as obtaining
approval from others), and statusincentives. Sensory incentivesinvolveexposureto pleasing
or novel sensations. Preferencesfor enjoyable activities are the basisfor activity incentives.
There are aso internal, self-reactive incentives resulting from comparisons of personal
actionswith standardsfor behavior (seethefollowing sections). The obj ective magnitude of
incentives does not matter as much as perceptions of how incentives are contingent on apar-
ticular course of action.

Humans also possess a self-regulatory capability that provides the basis for purposive
action through the subfunctions of self-monitoring, judgmental process, and self-reaction
(Bandura, 1986, 1991b). Self-monitoring isthe observation of one’ s own actionsto provide
diagnostic information about theimpact of behavior on the self, others, and the environment
(Bandura, 1991b). The judgmental process compares self-observations of behavior to per-
sonal standards, personal or social norms, and the val uation of the activity, particularly when
thelocusof control for the behavior residesin theindividual. The self-reactive function sup-
pliesthe behavioral incentive through the satisfaction derived from accomplishing an activ-
ity that meets desired standards. Dysfunctional forms of self-regulation may also affect
behavior. Addictions mark the failure of self-regulatory functions (Bandura, 1999), and
deficient self-regulation has been conceptualized as the mechanism of so-called Internet
addictions (LaRose, 2001). Self-slighting of one’saccomplishmentsisanother form of dys-
functional self-monitoring that reduces the self-reactive incentive to persist, and self-
disparagement of one’s capabilities can aso inhibit performance (Bandura, 1986).

Another important determinant of behavior is self-efficacy, or belief in one’ scapability to
organize and execute a particular course of action (Bandura, 1997). Those who perceive
themselves to be highly efficacious with reference to a particular task will invest sufficient
levelsof effort to achieve successful outcomes, whereasthosewith low level sof self-efficacy
will not persist.

Applying social-cognitive theory to Internet usage, expectations about the positive out-
comes of Internet use, such as encountering informative Web pages or making valued social
contacts, should increase usage. Each type of incentive (i.e., sensory, monetary, social, sta-
tus, activity, and self-reactive) may make unique contributions. Expected negative outcomes,
such as having one’'s computer freeze up while surfing the Web, should discourage use.
Internet self-efficacy, or individuals' beliefs about their capability in using the Internet to
accomplish useful tasks (Eastin & LaRose, 2000), should also determine exposure to a
medium that many users find troublesome (Graphic, Visualization and Usability Center,
2000).

Self-regulatory mechanisms are also important in a medium that invites intense
self-reflection (Turkle, 1995). Self-disparagement of one’ s ahilitiesto use the Internet may
negate the self-reactiveincentiveto persist intheface of failure or aversive outcomes. Others
may engagein self-dighting of their Internet skills, depriving themselves of the satisfaction
of successful performance. Self-disparagement and self-slighting may afflict even those
with high levels of Internet self-efficacy if they compare their abilities to unreaistic stan-
dards set by the most accomplished Web users and by constantly changing Internet
technology.

Whether excessive use of the Internet istruly an addiction in clinical termsisacontrover-
sial issue (Mitchell, 2000; Shaffer, Hall, & Vander Bilt, 2000; Walther & Reid, 2000) that we
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will not attempt to resolve here. From asocial -cognitive perspective, the so-called addictions
are another form of deficient self-regulation; usersare aware that the time they spend online
isexcessive and disruptive but suspend their comparisonsto desirable standards of conduct.
However, deficient self-regulation is not limited to extreme “addictive’ cases and might
affect Internet usage even at moderatelevels(LaRose, 2001). Inthe absence of sdlf-regulation,
Internet use may continue to mount, unabated.

Compeau and Higgins (1995) provided empirical support for this sociocognitive concep-
tualization in the domain of general personal computer usage. They found that self-efficacy
and professional outcome expectations (e.g., improvements in productivity) predicted the
amount of computer use, explaining 34% of the variance in usage. Longitudinal research
provided evidence of thedirection of causality (Compeau, Higgins, & Huff, 1999). However,
the subset of outcome expectations that the researchers termed personal outcomes had an
unexpected negative relationship to usage, which they attributed to the unrealistic nature of
the personal outcomes presented to their respondents (e.g., “I will get araise or apromotion
asaresult of computer use”). Moreover, the outcome expectation items used in these studies
did not reflect the full range of incentives that motivate behavior under social-cognitive
theory.

A SOCIAL-COGNITIVE CRITIQUE OF
INTERNET USESAND GRATIFICATIONS

In sociocognitive terms then, gratifications may be viewed as outcome expectations.
Attempts by uses and gratifications researchers (Babrow & Swanson, 1988) to distinguish
gratifications from formulationsinvol ving outcome expectations were of no avail and failed
to produce more robust explanations of mediaexposure, suggesting that they may berelated
constructs. The outcome expectation construct parsimoniously bridges the gulf between
gratifications sought and gratifications obtained in uses and gratifications research. Out-
come expectations reflect current beliefs about the outcomes of prospective future behavior
but are predicated on comparisons between incentives expected and incentives attained in
the past.

Uses and gratifications may yield weak predictions of media exposure because they
ignore important incentive categories that motivate behavior. Table 1 shows how Internet
gratification dimensions map onto Bandura' s (1986) incentive categories. Thisanalysiswas
performed by applying the incentive definitions to individual gratification items and then
characterizing gratification factors on the basis of their predominant incentive category.
Perse and Greenberg-Dunn (1998) and Compeau et a. (1999) were included for the sake of
completeness, although these studies did not examine Internet use per se but rather general
personal computer use. Likewise, Eighmey and McCord (1998), Dimmick et al. (2000), and
Flanagin and Metzger (2001) were included for completeness, but those studies did not
investigate relationships between gratification factors and usage and so are not included in
the analysis that follows.

The most commonly assessed incentive categories are activity (i.e., fun, entertaining,
exciting, or boredom-relieving activities), social (e.g., social interaction or communication),
novel sensory (i.e., information seeking), and self-reactive (i.e., to relax or escape). Each of
these has been included asthe major component of agratification factor and found to be sig-
nificantly related to usage in at least two of the studies analyzed. Pleasing (as opposed to
novel) sensory incentives (e.g., interesting or enjoyable graphics or sounds) were included
by Charney and Greenberg (2001) in asightsand sounds dimension, but that factor wasnot a
predictor of Internet use. Status incentives (e.g., to win promotions or to seem “cool” or
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TABLE 1
Incentive Components of Internet Gratification Factors

Incentive Categories

Sensory  Sensory

and/or and/or Self-

Study Pleasing  Novel Social Status  Monetary  Activity Reflective
Kaye (1998) XX XXX XX XXX
Eighmey and McCord

(1998) X X X
Korgaonkar and

Wolin (1999) XXXX X XxX XX XXXX
Perse and Greenberg-

Dunn (1998)° X X X X
Compeau, Higgins,

and Huff (1999) X X X Xx
Lin (1999) XXX X XX XX
Charney and

Greenberg (2001) X XX XXXXX XXX X XXX XXXX
Parker and Plank

(2000) X Xx X X
Papacharissi and

Rubin (2000) xX XX X XX XXX XXX
Ferguson and Perse

(2000) XXX XXX XX XX
Dimmick, Kline, and

Stafford (2000) X XX X X
Flanagin and Metzger

(2001) X X XX X XXXX

NOTE: X = incentive was a major component of a gratification factor; x = incentive was a minor component
of a gratification factor. Bold indicates that the component was a significant predictor of usage. Multiple
entries indicate that the incentive was represented in multiple gratification factors. Factors with no clear
dominant component were listed as minor components. Thus, the entry in the Social row under the Kaye
(1998) column indicates that there was one factor in which social incentives were a major component that
was significantly related to usage. Social incentive items were also minor components of two other fac-
tors, one of which was significantly related to usage and one that was not.

a. Single-item measures were used in this study, so all components are listed as major components.

important) have never been a major component of Internet gratification factors, although
they were minor components of those used by Compeau et al. (1999) aswell asby Charney
and Greenberg (2001) and Papacharissi and Rubin (2000). Monetary incentives(e.g., tofind
bargainsonline) also havereceived slight attention, although they were significant predictors
of usage for Korgaonkar and Wolin (1999) and amajor component of a gratifications factor
that did not predict usagefor Papacharissi and Rubin (2000). Thetendency to overl ook pleas-
ing sensory, status, and monetary incentives may be dueto areliance on gratification items
developed for television research (e.g., drawn from Rubin, 1983, and Greenberg, 1974) that
may differ from those relevant to the Internet. The practice of asking about uses (as opposed
to consequences) when eliciting new items may also create abiasin favor of certain types of
incentives, notably activity incentives.

Negative as well as positive outcomes may shape behavior, a possibility generally
neglected by uses and gratifications (although with some exceptions, Becker, 1979; Levy,
1977). Thelnternet regularly frustratesits users (Graphic, Visualization and Usability Cen-
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ter, 2000), so thisis a potentially significant oversight in Internet-related studies. Charney
and Greenberg (2001) included aNet Frustrations measure but did not conceptualizethisasa
gratification in their terms or as an outcome expectancy in social-cognitive terms.

Although gratifications and outcome expectations are conceptually similar, the opera-
tional definitions found in uses and gratifications studies do not to distinguish between use
and the consequences of use. Thisisaparticularly important issue with respect to novel sen-
sory incentives related to information seeking. Consider the gratification item, “I use the
Web when | want to find specific information” (Kaye, 1998). Because much of theinforma-
tiononthelnternetisunreliableat best and erroneousor fraudul ent at worst, the conseguence
of information seeking could be negative or neutral. A better constructionwouldbe*| usethe
Internet to get information | can trust” (asin Charney & Greenberg, 2001). Thisissue may
not be asrelevant in conventional mass mediastudies because professional journalistic stan-
dards apply to assure the quality of information in the mass media, but such standards are
generaly lacking on the Internet.

Theresponsetask isarelatedissue. In usesand gratification studies, respondentsaretypi-
cally asked toindicate whether they usethe | nternet for aparticular purpose (e.g., Eighmey &
McCord, 1998; Ferguson & Perse, 2000; Kaye, 1998; Korgaonkar & Wolin, 1999;
Papacharissi & Rubin, 2000; Parker & Plank, 2000) but not the likelihood of achieving the
goal thatisimplicitinthe specified use. We may agreethat we usethe Internet to obtaininfor-
mation, but this says nothing about the perceived likelihood of obtai ning useful information
inthefuture. Indeed, negative experienceswith bogusinformation could lead usto conclude
that it is unlikely we will obtain useful datain the future. In contrast, the response task in
Charney and Greenberg (2001) assessed agreement about whether specific stated outcomes
werelikely to result from Internet use, and Lin (1999) presented an outcomelikelihood scale
astheresponsetask. At this point, we can perhaps understand why Charney and Greenberg
and Lin achieved superior and unprecedented results compared to the other studies. They
measured outcome expectations very much as they should be measured from the
sociocognitiveview, linking the mediaexposure behavior in question to expected outcomes.

The gratification opportunities construct, or consumers beliefs that a medium allows
them to obtain greater opportunitiesfor satisfaction (Dimmick et al., 2000), is conceptually
similar to outcome expectations. Gratification opportunities, but not more conventionally
phrased gratification measures, predicted the majority of casesin which e-mail displaced the
telephoneasamodeof interpersonal communication, confirming thisanalysis. However, the
predictions were weak,* perhaps because the gratification opportunities were operationally
definedintermsof general beliefsabout the opportunitiesafforded by amedium (e.g., “ It fits
peoples’ work schedules”) rather than personal belief sabout expected outcomes(e.g., “If fits
my work schedul€”) and so may have lacked the necessary precision.

Even when outcome expectancies are properly assessed, uses and gratifications studies
may fail to fully account for Internet usage because they neglect variablesthat areimportant
in social-cognitive theory, notably self-efficacy. Self-efficacy is a determinant of behavior
and amediator between outcome expectations and performance, aswe have seen, sothisisa
noteworthy oversight. Ferguson and Perse’ s (2000) finding that expertise (ameasure of prior
experience with the computers and the Web) predicted Web usage suggests a role for
self-efficacy inthat prior experienceisanimportant determinant of beliefsabout one’ s capa-
bility to perform abehavior (Bandura, 1997). Eastin and LaRose (2000) found that Internet
self-efficacy was a powerful predictor of Internet usage.

Self-regulation a so has been neglected in uses and gratifications research, although the
process of assessing and modifying gratification and/or outcome expectations in light of
experience (as described in Palmgreen et al., 1985) implies certain aspects of self-
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monitoring and judgmental processes. Habit is an element of uses and gratifications theory
(Palmgreen et al., 1985) that interactswith beliefs and expectations about mediaalternatives
to help formulate gratifications sought. In practice, however, Internet researchers treated
habit as a type of gratification, for example, “Because it is part of my usual routine”
(Korgaonkar & Wolin, 1999); “ Becauseitisahabit, just something | do” (Ferguson & Perse,
2000; Kaye, 1998); and “Always do something because it is a ‘habit’” (Perse &
Greenberg-Dunn, 1998). The single-item measures of habit used by Kaye (1998) and
Charney and Greenberg (2001) were dropped from those studies dueto insufficient |oadings
on gratification factors. A parallel item in Korgaonkar and Wolin (1999) was only a minor
component of aseemingly unrel ated socialization factor and aminor component of Ferguson
and Perse’ s(2000) entertainment factor. Perseand Greenberg-Dunn (1998) kept their single-
item “habit gratification” item as adistinct element in their analysis, and for them, it wasa
significant predictor of computer use. So whereas habit isapredictor of behavior, it doesnot
appear to be a gratification. Rather, we interpret habit as an indicator of deficient self-
regulation within social-cognitive theory (Bandura, 1991b) and propose (after LaRose,
2001) that the symptoms of so-called Internet addictionsarereally indicators of habitual use
stemming from ineffective self-regulation.

HYPOTHESES

Thus, we expect outcome expectationsto predict I nternet usage, with independent contri-
butions from distinct types of incentives. Thisisthe basic premise of the usesand gratifica-
tions paradigm as seen through the lens of social-cognitive theory. By assessing outcome
expectationsintermsof likely behavioral consequencesinstead of typical uses, we expect to
replicate prior successes(i.e., Charney & Greenberg, 2001; Compeau et al., 1999; Lin, 1999)
while achieving moderate multiple correlations with usage.”

Hypothesis 1: Expected activity, pleasing sensory, novel sensory, and social outcome expectations
will be positively related to Internet usage.

Expected negative outcomes of Internet usage should also affect behavior according to
social-cognitive theory. Levy (1977) and Becker (1979) raised this possibility with conven-
tional mass media behavior, but negative outcomes have not been conceptualized in prior
Internet gratifications studies.

Hypothesis 2: Expectations of negative Internet outcomes will be negatively related to Internet
usage.

Internet self-efficacy should explain additional variation in Internet usage. This proposi-
tion has been established in arelated behavioral domain (Compeau et al., 1999) and in prior
Internet research (Eastin & LaRose, 2000) but is not found in uses and gratifications
research. Internet self-efficacy should be related to the expected outcomes of Internet use.
Therelationship is reciprocal: Belief in one’ s ahility to use the medium to attain important
goals should precede the achievement of desired outcomes, and successful attainment of
desired outcomes should also strengthen beliefs in one’s ability. However, within social-
cognitivetheory, self-efficacy should make aunigue contributionto behavior over and above
outcome expectations (Bandura, 1997).

Hypothesis 3: Internet self-efficacy will be positively related to Internet usage, independent of the
effects of outcome expectations.
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Finally, self-regulatory mechanisms should also impact usage, another set of variables
not found in previous research on Internet uses and gratifications. Self-disparagement and
self- dighting with respect to Internet-related abilities should decrease usage. Self-percep-
tion of an I nternet addi ction should be positively associated with I nternet use becauseit indi-
cates deficient self-regulation.

Hypothesis 4. Self-disparagement will be negatively related to Internet usage.
Hypothesis 5: Self-slighting will be negatively related to Internet usage.
Hypothesis 6: Self-perceptions of Internet addiction will be positively related to usage.

METHOD

Participants

The participants were 171 undergraduate students from an introductory communication
classat alarge Mid-Western university. Of the respondents, 35% were freshman, 22% were
sophomores, 18% were juniors, and 25% were seniors. Furthermore, 60% were male, 40%
were female, and the mean age was 21 years old.

Procedure

Questionnaires were administered over a 2-week period. Respondents picked up the
questionnaire on thefirst day of class each week and returned it the second day of classthat
same week. In the interim, respondents kept adiary of their total Internet use (i.e., amount
and type of use). Respondents were offered extra credit for participating in the study; an
alternate extra credit assignment was provided for those who chose not to participate.

Operational Measures

Respondents indicated the likelihood of each Internet outcome using Likert-type scale
itemsranging from very likely (scored 7) to very unlikely (scored 1). The four-item Activity
Outcomes (o = .87) Scale measured the likelihood of finding enjoyable activities on the
Internet (e.g., “feel entertained”). The six-item Novel Sensory Outcomes (o = .83) Scale
assessed the likelihood of finding information on the Internet (e.g., “ get immediate knowl-
edge of big newsevents’). Items used to measure these outcome expectancies were obtained
from among top loading items on gratification factorsidentified by Charney and Greenberg
(2001). These were supplemented with items corresponding to incentive categories estab-
lished within social-cognitive theory.

However, the prior research did not include a satisfactory measure of pleasing sensory
outcomesinthat al of three of theitemsinitssights and soundsfactor were double-barreled
guestions(e.g., “tolook at graphics or animation™). Five new itemswere constructed for the
Pleasing Sensory Outcomes (o = .80) Scale indicating the likelihood of encountering aes-
thetically pleasing visuals online (e.g., “ see Web pages with bright colors’). The candidate
items were developed from focus group interviews conducted with participants who
attended the same class asthe current respondentsin theterm prior to thisresearch. Charney
and Greenberg (2001) also did not include asocial outcomefactor. Itemsfor the Social Out-
comes (0. = .86) Scale were assembled from several different factorsto compose afive-item
scale ng thelikelihood of developing relationships over the Internet (e.g., “find com-
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panionship”). The four-item Negative Outcomes (o, = .61) Scale assessed the likelihood of
encountering negative outcomes associated with Internet use (e.g., “have trouble finding
what | am looking for”). It drew on two items from Charney and Greenberg’s Net Frustra-
tions Scal e and two suggested by awell-known survey of Web users (Graphic, Visualization
and Usability Center, 2000).

Internet self-efficacy was assessed with eight Likert-type items ranging from strongly
agree(scored 7) to strongly disagree (scored 1). Respondentsrated their confidencethat they
could use the Internet in each of the ways specified, for example, to troubleshoot Internet
problems (o = .93; see Eastin & LaRose, 2000). Three self-regulatory constructs were also
measured. Self-disparagement (o =.71; e.g., “1 feel my computer skillsareinadequate”) and
self-dlighting (o = .77; e.g., “1 feel helplesswhen | can't find what | am looking for on the
Internet”) consisted of three items, whereas perceived Internet addiction (o = .77) had four
items(e.g., “I usethe Internet so much it interfereswith other activities”). All three of these
constructs were measured with Likert-type items ranging from strongly agree (scored 7) to
strongly disagree (scored 1). Theitemsfor the latter measure were derived from the defini-
tion of the Internet addiction disorder (Internet Addiction Support Group, 2000).

Internet usage was an additive index of four self-reported items (o0 = .82). Participants
were asked on atypical weekend day and on atypical weekday about how much time they
spent onthe Internet (both itemscoded 1 if none, 2 if lessthan an hour, 3if 1to 2 hours, 4 for
morethan 2 and up to 5 hours, and 5 if morethan 5 hours), about how many daysin atypical
week they went ontheInternet (responsesranged from 0to 7), and how much timethey spent
surfing the Web each week (Coded 1 for none, 2 for lessthan an hour, 3for 2to4 hours, 4for 5
to7,5for 7t0 9, 6 for 10 to 20, and 7 for more than 20 hours).

Analyses

All analyses were performed using the Statistical Package for the Social Sciences, Ver-
sion 7.5 (SPSS, 1997). Pearson product-moment correlations (with pairwise exclusion of
missing cases) were used to test all hypotheses. To assesstherelative predictive utility of the
various independent variables, they were entered into a multiple regression analysis, with
Internet usage as the dependent variable.

When proposing new variablesfor an existing model, it is customary to perform stepwise
regression in which previous variables (outcome expectations, in this case) are introduced
first. However, thereciprocal causation mechanism posited by social-cognitive theory made
thisinappropriate, so all independent variables were entered in asingle step.

RESULTS

A correlation matrix showing the rel ationships between variablesis presented in Table 2.
Asstated in Hypothesis 1, activity outcomes(r = .48, p <.001), pleasing sensory outcomes(r =
.37, p<.001), novel sensory outcomes (r = .32, p <.001), and social outcomes (r =.37,p <
.001) wereall positively related to Internet usage. Negative I nternet outcomeswereinversely
related to Internet usage (r = —.16, p < .05), thus supporting Hypothesis 2.

Hypotheses 3, 4, 5, and 6 were also confirmed. Self-efficacy (r = .65, p <.001), self-
disparagement (r =—.48, p—.001), self-dlighting (r =—.46, p <.001), and self-perceptions of
Internet addiction (r = .65, p < .001) were all found to be significantly related to Internet
usage in the directions hypothesized.
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TABLE 2
Pearson Product Moment Correlation Coefficients

Variable

1 2 3 4 5 6 7 8 9 M SD

1. Internet use 14.21 4.35
2. Activity outcomes A48** 20.31 5.43
3. Pleasing sensory outcomes 37 53** 27.74 5.45
4. Novel sensory outcomes .32%* A46** .68** 16.00 4.21
5. Social outcomes .39** 23* .03 .10 10.92 6.42
6. Negative outcomes —.16* -.08 .00 -11 —.09 19.20 5.48
7. Internet self-efficacy .65** 37 .39%* .40** 3% —.24%* 54.50 16.80
8. Self-disparagement —.48** —.31** —.32%* —.30** -.06 31 —.61*%* 9.29 4.24
9. Self-slighting —.46** —.26%* -.19* —.22%* -.07 A5** —.58** .62+ 10.12 4.80
10. Perceived addiction .65%* 37 .20%* 2 51 -11 57 —.29** —.30** 15.00 5.80

*p < .05.*p < .001.
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To gain an overall understanding of how each of these variables predicted Internet usage
whilecontrolling for the other variabl es, amultipl e regression was conducted. The combina-
tion of these variables significantly predicted Internet usage (Fg ¢ = 26.512, RZ = .60, p <
.001; see Table 3).

Internet Self-Efficacy (b =.652), perceived addiction (b = .411), activity outcomes (b =
.208), and self-disparagement (b = —144) each uniquely predicted Internet use at an alpha
level of p<.05. In combination, self-dighting, pleasing sensory outcomes, socia outcomes,
novel sensory outcomes, and negative outcomesonly explained an additional .8% of thevari-
ance in Internet usage.

DISCUSSION

The conceptualization of Internet usage as a social -cognitive process received consider-
able confirming evidence. Positive outcome expectations, Internet self-efficacy, and per-
ceived Internet addiction were directly related to Internet usage as expected. Negative out-
come expectations, self-disparagement, and self-slighting were negatively related to usage.
Aswasthe casefor Charney and Greenberg (2001) and Lin (1999), defining gratificationsas
outcome expectations once again explained greater variation in Internet usage than in uses
and gratifications studies employing conventional operational definitions stressing frequent
uses. Internet self-efficacy and perceived addiction explained considerable additional vari-
ancein usage beyond outcome expectations, indicating the val ue of adding these conceptsto
models of Internet usage.

Whereasnegative outcome expectationswerenegatively related to usage, therelationship
was aweak one that disappeared in multiple regression anaysis. The measure of negative
outcomes had marginal reliability, which could account for the disappointing result. How-
ever, scatterplot analysisindicated the possibility of acurvilinear relationship between nega-
tive conseguences and usage (al though modeling this element as anonlinear component did
not affect the results). That is, high expectations of negative consequences, such as having
one' scomputer freeze up or having troublefinding information on the I nternet, were associ-
ated with both very high levels of usage and very low levels of usage. It may bethat encoun-
tering frustrations such as these while using the Internet may cause some users to give up,
whereas others persist. Persistent users may spend more time on the Internet as they work
their way back to the location where the freeze-up occurred or apply new search strategies,
actionsthat would increase the amount of time spent on the Internet. Thistype of persistence
isaninherent characteristic of individual swith high self-efficacy. Therewasamoderate cor-
rel ation between negative outcome expectations and self-slighting and al so asignificant cor-
relation with self-disparagement. Both variableshad moderate negative correl ationswith the
dependent variable, suggesting that these self-regulatory processes mediated the relation-
ship between negative outcomes and usage.

Self-disparagement and self-dlighting had strong negative correlations with Internet
usage in themselves, although the latter relationship was attenuated in multiple regression
analysis (possibly as a result of multicollinearity between the two). Both had moderately
high negative correlationswith Internet self-efficacy, suggesting itisanintervening variable
between self-regul ation and usage. Sociocognitive processes are dynamic and iterative ones
in which conceptions of one’s ability to perform a behavior are continually re-evaluated
through experience. In the process of mastering the Internet, users may proceed from astate
of helplessness and despair to one of confidence and mastery. Deficient self-regulatory
beliefs may be critical in the early stages of Internet experience but lose their power after a
sense of self-efficacy is attained.
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TABLE 3
Stepwise Regression of Sociocognitive Variables on Internet Usage

Significant
Variable Beta R? Change F Change F Change
Internet self-efficacy .652 425 123.504 .000
Perceived addiction 411 114 41.055 .000
Activity outcomes .208 .035 13.733 .000
Self-disparagement -.144 .013 5.048 .026
Self-slighting —-.080 .004 1.401 .238
Pleasing sensory outcomes .056 .002 .846 .359
Social outcomes .038 .001 .398 529
Novel sensory outcomes -.031 .001 .282 .596
Negative outcomes .005 .000 .010 .922

NOTE: F (9, 168) = 26.512. p < .001. R* = .600.

Although outcome expectations were significant predictors of Internet usage, as they
werein Charney and Greenberg (2001), therel ative importance of the categoriesdiffered. In
the previousresearch, an informational dimension (termed novel sensory expectations here)
was the most powerful predictor of Internet usage, whereas here, the activity dimension
(identified asadiversion-entertainment factor inthe prior research) dominated. Onepossible
explanation is that in the 3 years between the two studies, the character of the Internet
changed so that it became increasingly regarded as a source of enjoyable activities rather
than arepository of information. In that time, avariety of new enjoyable activities became
widely accessible over the Internet, at least among the college popul ations surveyed in these
two studies. These include playing multi-user games and downloading music from the
Internet, both time-consuming, enjoyable activities that could greatly increasetotal Internet
usage.

Pleasing sensory outcome expectations were distinguished from novel sensory ones to
preserve the identity of informational gratifications that are acommon element in uses and
gratificationsresearch. However, the two were highly correlated (r = .68, p < .001), suggest-
ing that they may reflect the same underlying construct. In social-cognitive theory, both
novel and pleasing stimuli fall under the category of sensory incentives, with novelty viewed
as ameans of enhancing the impact of pleasing stimuli (Bandura, 1986).

Perceived addiction was apowerful predictor of usage. There wasamoderate correlation
between perceived addiction and social outcome expectations (r =.51, p <.001), suggesting
that excessiveuseof e-mail, newsgroups, or chatroomsmay beimplicated. Addiction may be
amisnomer inthat high scoreson this measure were often associated with moderate | evel s of
Internet use, whereasthetermisusually reserved for deviant levelsof use. Thisvariablewas
conceptualized in terms of an acknowledged failureto regulate one' sown Internet behavior,
and that mechanism coul d operate across awide range of usage as opposed to something that
occurs only after a very high threshold is crossed. Thus, a more appropriate term might be
deficient self-regulation, as proposed in LaRose (2001).

Limitations
This research used retrospective self-reports of media behavior, an approach that is fre-
quently criticized as being inherently unreliable. However, a comparison of diary dataand

retrospective self reports of Internet usage made in this study revealed a .65 correlation
between the two measures. Thisfinding is consistent with studies comparing self-reports of
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computer usewith electronic log data(Deane, Podd, & Henderson, 1998) and with compari-
sons of salf-reported and objectively measured computer game activity (Zielke, Schildmann, &
Wirausky, 1995). It may bethat theinteractive nature of I nternet consumption makesit more
salient than passive consumption of conventional massmedia, so that retrospective reportsof
behavior are more accurate. Within social-cognitive theory, retrospective self reportstakeon
aspecia significance and reflect a self-monitoring process. “If [people] want to exert influ-
enceover their own actions, they haveto know what they aredoing” (Bandura, 1986, p. 336).

Thisstudy relied onaconvenience sample of collegestudents. Collegestudentsareal ogi-
cal choice for exploratory research on Internet usage because they enjoy ready access to
Internet resources. However, these results should be replicated with more diverse popula-
tions. Other populations may be differentially affected by the various types of incentive
dimensionsthat frame outcome expectations. Self-efficacy might play lessof arolein popu-
lations with smaller proportions of relatively new Internet users.

A cross-sectional survey method was used to assessthe explanatory power of new predic-
tors of Internet usage behavior. Social-cognitive theory stresses dynamic relationships
between these variables and reciprocal causation (e.g., among self-efficacy, outcome expec-
tations, and the performance of behavior), mechanisms that are better understood through
structural modeling or time-series approaches.

Theoretical Implications

Can uses and gratifications and social -cognitive theory coexist? If the usesand gratifica
tions mechanism is identical with the enactive learning mechanism under social-cognitive
theory, it is possible to conclude that the latter subsumes the former or makes it redundant.
However, uses and gratifications has a 30-year tradition that offers many insightsinto com-
munication behavior. As Blumler (1979) pointed out, the definite articles the or a are not
appropriate prefixes to uses and gratifications theory: There are many theories of the phe-
nomenon. So perhapsthereisroom to modify and expand uses and gratificationsto incorpo-
rate sociocognitive constructs instead of pitting one theory against the other.

Theincentivecategories(i.e., socia, status, activity, sensory, monetary, and self-reactive)
found in social-cognitive theory could provide a consistent theoretical framework in which
to explore the outcome expectations associated with the Internet. The Internet studies
reviewed here drew on the same sourcesfor their initial gratificationitems: studies of televi-
sion use completed some two decades ago (Greenberg, 1974; Rubin, 1981, 1983). These
were supplemented with items suggested by the authors’ own theoretical analyses of the
Internet and/or from suggesti onselicited from focus groups. Following the accepted practice
of uses and gratifications research, the items were subjected to exploratory factor analysis,
yielding widely varying factor structureswith asfew asthree (inthe case of Lin, 1999) or as
many aseight (Charney & Greenberg, 2001) separate dimensions. Our earlier analysisof the
incentive dimensions found in Internet gratification factors (presented in Table 1) revealed
that most gratification factors reflected multiple incentives, with some drawing from as
many as five different categories. Future uses and gratifications research might build on the
incentive categories from social-cognitive theory, probing for both positive and negative
instances in exploratory qualitative research and then applying confirmatory rather than
exploratory factor analysis (Hunter & Gerbing, 1982).

Thereliance on past television research as the foundation for Internet usage studies may
obscure variablesthat are salient in the online environment but not present in thetelevision-
viewing environment of a generation ago. Status cues have been overlooked, perhaps
because thereis little enhancement of status associated with television viewing (the typical
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focus of prior research), at least not in the span of years (sincethe early 1970s) that usesand
gratifications has been with us. Status cues may be highly salient for Internet use, however.
The widely publicized Digital Divide effect heightens status cues by stressing the associa-
tion between social statusand | nternet use. Monetary incentivesareancther category that are
not very salient when talking about “free” (i.e., advertising-supported) mediabut areimpor-
tant tothemany Internet userswho still pay by theminute (e.g., when dialing long distanceto
reach an Internet service provider) and when examining pay sites and electronic commerce
(asin Korgaonkar & Wolin, 1999). Finally, self-efficacy isunlikely to be an important deter-
minant of television exposure, abehavior that doesnot involve complex skillsto perform, but
is an important variable when analyzing a complex and continually changing interactive
medium such as the Internet.

Theself-regulatory mechanismsdescribed by social-cognitive theory may clarify therole
of habitual mediabehavior. Aswe have seen, usesand gratificationsresearchers conceptual -
ized habit as adistinctive element in the model (e.g., PAlmgreen et al., 1985) but in Internet
research have operationalized the construct as a gratification, with single items that are
obscured by overall factor structures. However, habit or perceived addiction, asit wascalled
in this study, explains unique variance in usage distinct from outcome expectations. Thus,
including habit in factor analyses of gratifications and/or outcome expectations obscuresthe
role of the variable.

Further conceptual elaboration of self-regulatory mechanismsin media behavior should
explore media addictions in terms of faulty self-monitoring, failure to apply standards to
mediabehavior, and inability to generate self-reactive incentives. Conventional mass media
usage, particularly television viewing, also has a habitual quality that some have termed
addictive(e.g., Finn, 1992; Mcllwraith, 1998; Winn, 1985). Finnfound evidencethat models
of addiction predicated on self-control and personal responsibility provided the most plausi-
ble explanations of television addiction. Mcllwraith found correlations between television
addi ction and both poor attention control and daydreaming about guilt and failure, both pos-
sible indications of faulty self-regulation.

Research Implications

Thus, reformulating gratifications as outcome expectations (rather than as gratifications
sought or gratifications obtained) in operational terms and organizing them into incentive
categoriesmay improvethe predictivevalidity of usesand gratificationsresearchin general.
Thiswould bring greater consistency to the measurement of gratifications (or incentive cate-
gories, in social-cognitive terms) as well. Status and monetary incentives should receive
greater emphasisin future Internet-related studies.

Moreover, the identity and relative importance of the various categories of incentive
motivators should be periodically reassessed when examining the Internet, perhaps begin-
ning with a fresh approach to item elicitation and scale construction that does not rely on
20-year-old television research. There wereindications of ashift in the primacy of incentive
categories over a relatively short period time when comparing this study to Charney and
Greenberg's (2001), completed only 3 years earlier.

A new approach to ng negative outcomes may be in order. Each incentive dimen-
sion presentsthe possibility of both positive and negative outcomes. For exampl e, thereceipt
of unwanted e-mail would presumably be a negative instance of asocial incentive that miti-
gatesagainst | nternet use when weighed agai nst the positive social outcomes, such asfinding
companionship. Inclusion of both negative and positive instances might further improvethe
variance explained.
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However, negativeinstances do not relate consistently to positive outcomes, so creating a
single additive scale for each incentive would reduce reliability and viol ate accepted proce-
dures of scale construction. Another possibility is to weight outcome expectations by the
corresponding eval uation of each outcome and then add the products across all outcomes, a
procedure recommended by the theory of planned behavior (Ajzen, 1985) and emulated in
certain uses and gratifications studies (e.g., Babrow & Swanson, 1988; Rayburn &
Palmgreen, 1984). Outcome eval uationswere obtained in thisstudy but failed to produceany
overall improvement in either thereliability of the outcome scales or the variance explained
in Internet usage. Future efforts might develop measures of negative outcomes for each
dimension of expected outcomes, beginning with qualitative elicitations of negative
instances along each incentive dimension.

Future research should include self-efficacy and self-regulatory measures as part of a
comprehensive model of media attendance. Social-cognitive theory recommends two fur-
ther mechanisms that are known to communication researchers (Bandura, 19914a) but have
not been conceptualized in usesand gratifications model s of mediaexposure: vicariousrein-
forcement and social diffusion of innovations. In the context of Internet use, these mecha-
nisms call attention to such variables as the competence levels, socia characteristics, and
rolerelationships of the peers, mentors, and expertson whom individualsrely for formal and
informal Internet training.

Social Implications

The Digital Divideisdescribed as a problem of differential access to Internet resources
separating rich from poor and minorities from whites (Hoffman & Novak, 1998; National
Telecommunications and Information Administration, 1999). However, uncertainty about
how to get started on the | nternet and how to deal with the complexities of computersmay be
nearly as important deterrents as economics and lack of access (Katz & Aspden, 1996).
Effortsto bolster Internet self-efficacy using techniques proven effectivein other behavioral
domainsmay be needed to completely closethe Digital Divide. Theseinclude enactive mas-
tery, vicarious experience, verba persuasion, and control of disruptive physiological
responsesthat frustrationswith the I nternet may provoke. Moreover, thedividewill not nec-
essarily closeevenif Internet accessisassured if minoritiesdo not persistintheir usage. The
inability to find anything the user wants rivals cost as a factor preventing Internet usagein
minority homes once they have computers (National Telecommunications and Information
Administration, 1999). Inthis context, thisisa problem of low outcome expectations. Users
do not have sufficiently strong beliefs about positive outcomes—or perhaps believe too
strongly in negative outcomes—to motivate continuing use (Eastin & LaRose, 2000).

The current policy of subsidizing the cost of access (e.g., through the e-rate program)
reduces a monetary disincentive to Internet use, but there are other economic disincentives
that are not being addressed, including the cost of support and the cost of accessto informa-
tion. Other monetary incentivestake the form of e-commerce“bargains,” comparison shop-
pingfor big-ticket itemsand profitsfrom stock transactions (cf. Korgaonkar & Wolin, 1999);
these are not available to those who lack consumer credit resources.

Providing content that is specifically tailored to low-income and minority communities
addresses sensory and activity incentives, an approach exploited by Web sites that cater to
specific minority groups (eg., http://ww. bet.com and http://vww.
bl ackvoi ces. com). Some stress interactive communication, providing a potential
source of social incentives (ht t p: // www. bl ackpl anet . com). The participation of
prominent community leadersin Web-rel ated projectsaddressesthe statusdimension. Thus,
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many of the componentsfor asocial-cognitive“ solution” tothe Digital Divide arebecoming
available, and perhaps promoting greater awareness of these optionsisall that is required.

However, effortsto publicizethe Digital Divideasasocia problem may have an unfortu-
nate side effect by reinforcing self-disparagement and self-slighting among minority
Internet users. The Digital Divide could become a dysfunctional social standard against
which minorities compare their own behavior, concluding (erroneously) that performance
failures are to be expected relative to their own community standards. To counteract this,
interventions could provide realistic but encouraging feedback about the attainments of
minority users asthey explorethe Internet and provide relevant points of social comparison
from within minority communities (see Eastin & LaRose, 2000, for afurther discussion of
intervention strategies).

Social-cognitive theori sts propose sel f-regul ation asthe key to understanding physiol ogi-
cal addictions (Bandura, 1999), and behaviora addictions might be conceptualized with
similar mechanisms, absent the physiological craving. Internet addictions represent a sus-
pension of normal self-regulatory processes. The self-described “addicts’ are aware that
their usage is excessive but fail to apply standards that could supply the self-incentive to
modify the behavior. Self-regulation might be restored by encouraging problem users to
track their own behavior, setting realistic near-term goals for behavior change, developing
multiple coping strategies, and identifying i ncentivesthat motivate abstinence (Perri, 1985).
Social support isalsoimportant, including devel oping social support for abstinence and sev-
ering ties with other addicts (Bandura, 1999).

Coping self-efficacy, or one' sbelief that she or he can successfully engagein actionsthat
will overcome an addiction, affects the success of these self-regulatory efforts. As outlined
above, coping self-efficacy may be bolstered through enactive mastery, verbal persuasion,
vicarious experience, and control of physiological states. Thus, socia-cognitive theory
emphasizes self-help coupled with appropriate social support. The treatment paradigm for
online addictions might stress the devel opment of self-awareness of excessive usage and
online communities that support moderation.

NOTES

1. However, the prediction may not have been very robust. The gratification opportunities analysis predicted
58.4% of the casesin which the respondent (self reported) used e-mail more than the telephone. However, with only
two possi ble categories (used the phonethe same or | ess; only ahandful reported usingit more), the chancelevel was
50%. No conventional estimate of the variance explained was provided.

2. This research builds on the gratification factors of Charney and Greenberg (2001) because that study pro-
duced the most successful predictions of actua Internet usage to date. However, their factors did not include any
with major components for monetary, status, or self-reactive incentives, so these were not reflected in this study.
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